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To add an A/B test, you first need to create a feature flag. 

Adding a Feature Flag 
Adding a feature flag involves both adding code and configuring your feature flag in PostHog. 
 
Here is the process of configuring the feature flag in PostHog: 
 

 
 
Click on “Feature Flags” to view and create a new feature flag. 
 

 
 
Next, click “New feature flag”. 
 
 



 
 
Fill in the Key and the description. It’s important to use Kebob Case for the key. 
 

 
 
At the bottom, you can find example code for how to implement the feature flag in code. We 
will use this later. 
 
 

https://developer.mozilla.org/en-US/docs/Glossary/Kebab_case


 
 
Set the served value to the one that says “A/B/n test”. 
 
Create your variants! One needs to be called “control” but the rest are up to you. See later 
screenshots for a more zoomed in version of each part. 
 

 
 
Here I created the labels “control” and “show-best-page-label”. Please use Kebob Case here 
too. 
 

 
 
I then set the rollout to 50% each. 
 

 



 
Then set the rollout to 100% of users. 
 

 
 
This essentially means that 100% will be given the option to have either A or B for their view. 
 

 
 
Then click save! I’ve forgotten this a few times. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 
Now is time to add the code code to use the feature flag. 
 

 
 
This will call the feature flag and see if it’s enabled. If it is, it will render the version that includes 
the information added by the feature flag. 
 
The important part is where we call the PostHog library to check if the feature is enabled. 
 

 
 
We do not need to check for “control” as that’s the default and we usually use an “else” to 
represent the “control” variant. 
 
This is the whole process for adding a feature flag and this process is helpful even without 
adding an A/B test. Say you want to be able to disable a feature remotely without changing the 
code; feature flags are great for this! 
 



In addition to being useful for enabling/disabling features, we can also use these feature flags 
to run tests to see how users react. 
 

Creating an A/B test 
This chapter requires a feature flag to work. See the above section if you haven’t completed 
this. 
 

 
 
To create an A/B test, go to the Experiments section on PostHog and click “New experiment” in 
the top right corner. 
 
Add a Name and then click “Link to existing feature flag”. You will see the following menu. Go 
ahead and click “Select” for the key for the new feature flag we just created. 
 

 
 



 
 
It will say this, so go and click “Save as draft” 
 
You should now see something like this: 
 

 
 



Leave the “Minimum detectable effect” to what the default is. It will get automatically adjusted 
to the amount of traffic your last experiments have gotten. Sometimes it’s a value of 1% and 
other times it’s as high as 30%. 
 
Here we can even see the example code that is very similar to what we implemented. 
 

 
 
PostHog is very good at adding relevant information for developers in their application.  
 
You can now create a primary metric to see how things are changed by the feature being 
presented. 
 

 
 
I always do “Single use” because it’s more simple and works great for our purposes but this is 
something to experiment with later. 
 

 
 



You should see a page that looks like this: 
 

 
 
Go ahead and edit the second step in the funnel see here: 
 

 
 
Here I set it to “course_selected”. 
 



 
 
The hypothesis we are testing is that adding a “Best Class” label to one of the courses will 
improve the rate that any course is clicked. We could test if it improves the specific class, but 
for this example, we just care that more classes are being clicked, which would improve our 
north star metric as well. An improvement here is something we really care about. 
 

 
 
You can leave everything else as the default and then click “Save”. 
 

 
 
It will show that the experiment is waiting to start. That’s a good sign! 
 

 
 
Scroll back to the top and click launch! 
 
 



 
 
At first we will see these errors saying that events are not received. We need to first deploy the 
code (or test locally) to then see the events happen. 
 
Click around on the deployed version and you should see some amount of events being called. 
 
Here is an example of an A/B test we started a month ago. 
 

 
 
This test saw 192 users so far and one of the primary metrics is statistically significant. 
 
We can see the graph here on the right of the rows here: 
 

 
 



We notice that the second primary metric of improving the quantity of searches was more 
significant so far. We know that the mean amount of conversion is high and we believe this 
with a 94.02% confidence. 
 

 
 
We can even see a more detailed view of the results after clicking Details. 
 

 
 
The first graph (two bars on the left) show the percentage of pageviews for control versus the 
pageviews for our variant “better-link”. Notice both are 100% because this is the start of our 
funnel. The second graph (on the right) shows us how the “better-link” variant affects the 
quantity of the “search_query”. 
 



 
 
We can also see the percentage delta (the improvement) of the feature flag as well as a 95% 
confidence interval. 
 
This test, although significant for one primary metric, hasn’t been running quite long enough to 
make any huge judgement call. We will wait for this test to get more traffic and confirm with a 
higher degree of confidence the actual result. 
 
Here is a completed test with a really high confidence level and a great effect. 
 

 
 
This test had a 48% improvement from the baseline, which means that the users who saw the 
“new-label-and-animation” were 48% more likely to click the grade distribution label, which 
contributed to our 6,700+ grade distribution views. 
 

 
 



You can even see here, before the A/B test, the grade distribution page existed but the line was 
almost flat compared to the experiment and then the subsequent growth of the feature. The 
grade distribution feature was available for about a month before we did the test, and the line 
looks comparatively flat. This is the effect of targeted A/B tests. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Thank you for reading. If you have any feedback, please email me@jr0.org. 
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